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Abstract

The purpose of this paper is to study (empirically) the dynaafichild poverty in Sweden, the
guintessential welfare state. We find that 1 out of every 5 childrelisposable income poor at
least once during his or her childhood, while only 2 percent of all ehildre chronically poor.
We also document a strong life-cycle profile for child poverty. rAgpnately 8.6 percent of all
children are born into poverty. The average poverty rate then drops to7abgetrcent among 1-
year old children. After which, it declines (monotonically) to aboutg@&ent among 17-year
olds. Children in Sweden are largely protected (economically) &ammber of quite serious
events, such as parental unemployment, sickness and death. Fasaltéhn and long-term
unemployment, however, do push children into poverty. But for most of these children, peverty i
only temporary. Single mothers, for example, are overrepresented among tHaupoot among
the chronically poor. Children with immigrant parents are styoogkerrepresented among the
chronically poor; as are children whose parents have unusually lowtietdscaVe argue that
information about the dynamics of child poverty may help policy erako construct more
salient policies for fighting child poverty.
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1. Introduction

One of the primary goals of Swedish family policy is to comlibdtigpoverty (SOU 2001:24).
This goal is widely accepted in Sweden, since children are viesetlaving no personal
responsibility for their own economic situation and since the negatimeequences of child
poverty for both the individual and society may be quite large (Duaod Brooks-Gunn, 1997,
Lichter, 1997; Vleminckx and Smeeding, 2001; DS 2004:41). Numerous studieshbene
written about child poverty in Sweden with, generally, favorable comelasioncerning the role
of both employment policies and family oriented transfers in iaduthild poverty, particularly
in comparison with the alternative policies pursued by the Unite@sS(@uncan et al., 1993;
Jantti and Danziger, 1994).

The most common approach to studying child poverty in Sweden has bess ¢ooss-
sectional data to asses the scope of poverty at a particularipdinte (see, e.g., Jantti and
Danziger, 1994; SOU 2001:24; SCB 2002; DS 2004:41). Studies using croesaletdta give
us the answers to a number of fundamentally important questions. &uoplex they tell us how
many children are poor. They tell us who these poor children are asm@ Wiey live. But they
also leave a number of very important questions unanswered. Do dieohdpend a short time
in poverty or are there a few groups of children who spend their ehiichoods in poverty?
What happens to children when their parents separate or remahg® hAppens to children
when their families expand or when their parents lose their j@los®tudy these types of
important questions one must adopt a dynamic approach and make use of longitudinal data.

In this paper, we use register data from 1991 to 2004 taken fronhotngitudinal
Database for Sweden (LINDA) to study the dynamics of ghidderty in Sweden. This unique
data set allows us to follow a large cohort of Swedish childrendarly their entire childhood.
Sweden’s Department of Social Services has emphasized thdondhis type of longitudinal
research (DS 2004:41). The case of Sweden should also be of gresttitdean international
audience, since it is often viewed as the quintessential welfare state.

The dynamics of poverty have important policy implications. Chronic rppwveay call
for a different policy response than temporary poverty and the idewitiin of key negative
events that consistently push children into poverty may signal uabiesiweaknesses in the
public safety net. Furthermore, by following children (and tli@milies) over time, we can

determine whether policies should, perhaps, be tailored accordihg tgé of the child, since



most families have a particular income and career liféegyattern. Thus, information about the
dynamics of child poverty may help us construct more salient policiegfdiri child poverty.

There are less than a handful of previous studies concerning povedyids among
Swedish children and their families. Duncan et al. (1993) was Ipisollae first. Their study
compared poverty dynamics in 6 European countries (including $)edt those of Canada
and the United States. They investigated transition ratesndtow of poverty during the 1980’s
and examined how changes in employment status, marital atedugceipt of social assistance
affected these transition rates in different countries. In way, they were able to discuss
differences in the proximate causes of poverty across theplsaicountries. Their study found
surprising similarities across countries in the degree of upwanbility among the poor. But
large cross-country differences in overall inequality stélated large cross-country difference in
the share of families with children living in poveftf¥he largest shares were found in the United
States and Canada, while the smallest shares were found inetherldinds and Sweden.
Gustafsson (2000) extended this analysis for Sweden to include inccanepdiat 1992 and for
all types of households, not just families with childfen.

This paper picks up where Duncan et al. (1993) and Gustafsson (2Qadj. [&he time
period that we study in this paper, 1991 — 2004, is a particularlyestiteg one, since the
Swedish welfare state was faced with several new astggdls, particularly during the 1990’s.
These challenges included an increase in refugee immigrants esceptionally high
unemployment rates. Previous research has identified these twosfas among the most
important proximate causes of poverty among children (Bradbury, JeakthdMicklewright,
2001; Vleminckx and Smeeding, 2001, Gustafsson et al., 2007).

We also make use of a different data source. Duncan et al. (1898ustafsson (2000)
used the Swedish Household Income Survey (HINK), while we have chmsese register data
from LINDA. There are several major advantages of using LINBgtead of HINK (which is

now called HEK) to study poverty dynamics. The most important adyartathat we can

! Policy evaluators need this information too. Tregptthe causal impact of a particular policy on @hploverty
requires the evaluator to model child poverty dyitarproperly in order to obtain a clean counterfatt

2 When inequality is large (i.e., families find thesives very far below the poverty line), then tigtathce needed to
travel to escape poverty is larger. Thus, even vwiwenr families in most countries travel the sanstatice from one
year to the next, those living in high inequalibcieties do not travel far enough to escape poverty

® Key references concerning the dynamics of chilgtepty include the book edited by Bradbury, Jenkamsi
Mickelwright (2001a) and studies by Jenkins andl@eh (2003), Crossley and Curtis (2006), Fertigl dramm
(2007) and Corak et al. (forthcoming).

“ For an excellent review of poverty in Sweden dytine 1990’s, see Gustafsson et al. (2007).



actually follow the same children for nearly their entire ditnlod (i.e., we have a long,
uncensored panel). This allows us to make several unique contrioutha can measure the
share of chronically poor children among the population and we castathpthe occurrence of
multiple poverty spells. These types of questions are not possibtady ssing HINK, since
survey participants are rotated out after only two waves of the strvey.

The detailed information contained in the LINDA database concemmaagne, taxes and
transfers received by individuals, combined with the large sizeioample of children, allow
us to address several interesting questions not found elsewhereracéne literature on child
poverty. Aside from addressing standard (and important) issuegndl fstructure, parental
employment, welfare recipiency and immigrant status, we aislb be able to look at children
who, for example, have at least one parent that is a studensick,iias a work injury, a form
of handicap, a disability pension, or has passed away. We will exdneise and other types of
severe “shocks” in order to ascertain how well children are pestdeconomically) from these
shocks by the Swedish welfare state. Another interesting innovatibat we will report those
who are after-tax poor along with the more common measures of thnpertie and disposable
income poor. This allows us to determinew Sweden goes about fighting child poverty. Is it
through lower unemployment and higher low-end wages, through a progressisgstem, or
through transfers?

Our paper complements the study of Galloway et al. (2007) whoiesahe incidence
and dynamics of poverty among immigrant children in Norway, Sweden and Denmagap2u
says more about the actual dynamics of child poverty and also inou¢ the poverty spells
experienced by the “average” child (a necessary baselinpdiozy makers). Their research
project, however, is quite promising since it focuses on a grouildfen that are particularly
likely to be poor and since they adopt a cross-country approach.

Two other papers concerning poverty dynamics in Sweden desentembere: The
first is Hansen and Wahlberg’s (2004) study concerning the pasested poverty in Sweden
between 1991 and 2001. The two main similarities between our studyeirg dre that both
studies use register data from LINDA and that both are inéetest poverty dynamics as

opposed to simple poverty snapshots. The main, obvious, difference betwgmper and theirs

® Of course, HINK does have some advantages oveDAINhese will be discussed in Section 2 when v lat
the data from LINDA more critically.



is that they study poverty in a panel representing the eatirk population, while we focus on a
panel of children. We, therefore, make use of additional information the LINDA database in
order to address a number of issues of particular importance tcedfiilfhe second is Oxley et
al.’s (2000) paper, which compares the poverty dynamics of 6 OHEfiDtrees (including
Sweden) between 1991 and 1996. Their paper is very much in the §pidhcan et al. (1993),
albeit without Duncan et al.’s (2003) focus cmld poverty. The methodological approach that
we adopt in this paper is very similar to Oxley et al.’s (2000).

The outline of our paper is as follows: In Section 2, we discuss a muofbleey
measurement issues and we describe the data that we use stuth. Section 3 examines the
incidence of poverty among children. The persistence of poverty isdtndsection 4, which is
followed by a test of the severity of these poverty spellsecti& 5. We then continue our
analysis of the dynamics of child poverty in Section 6 by lookinthetflows into and out of
poverty. Section 7 presents an analysis of multiple poverty spetlsbriefly discusses the
poverty trap hypothesis. In section 8, we investigate whether or noskhef being poor varies
across families with different observable characteristicsettion 9, the family characteristics of
the chronically poor are examined. We then conclude with a summaty afain findings and a

discussion of their implications for future research and their relevance foy puakers.

2. Measurement I ssues and Data Description

Throughout this paper, we use income based measures of poverty as opposaduies based

on expenditures and/or consumptfohhere are several good reasons for this. The first reason is
one of data availability. In Sweden, there simply are no dataeoootisumption and expenditure
patterns of children that cover the same children for any lengtimef On the other hand,

Swedish income tax registers give us a truly unique opportunity mnvfa@ large sample of

® There are also a number of methodological diffeesrbetween their paper and ours. Hansen and Wgh®@04)
adopt a multiple spell hazard model, which allofwsmh to estimate the duration of poverty spells sntest for
poverty spell dependency despite the fact thaptheerty histories that they study are censored, their data does
not allow them to follow the same individuals fr@age 18 to death). The fact that our data are hangetensored
allows us to study poverty dynamics using moreiti@thl panel methods. Fertig and Tamm (2007) apfdnsen
and Wahlberg's (2004) methodology to a panel didclh from the German Socio-Economic Panel.

" Key references concerning poverty dynamics inrotbentries include Bane and Ellwood (1986) and/&is
(1994, 1999) for the United States, Cappellari 2enkins (2004) for Britain, Finnie and Sweetmar0@dor
Canada, Devicienti and Gualtieri (2007) for Italy.

8 Our measures are also uni-dimensional. Multi-disiemal measures that included access to servictsasuhealth
care and education would most likely lower our pywégures, since these services are providechbygpvernment
to all children free of cost.



children for nearly their entire childhood. In fact, this paperofedl the largest number of

individual children of any research paper (known to us) in the titeraFurthermore, the panel

of children does not suffer from significant attrition (more os tiélow) and the income data are
completely uncensored.

The second reason for using a measure of poverty based on incaha Eevious
research has shown a strong correlation between children's cormunmeialth and well being
(along many dimensions) and their families' incomes, at teastildren living in families with
chronically low income, severely low income, or both (Duncan and BrGoks, 1997Y° This
does not, however, absolve researchers from the responsibilityired toy construct new and
better data sets for studying child poverty. Several such psogge currently underway in
Sweden*?

All information on income, taxes and transfers as well as despbic information is
taken from the Longitudinal Individual Database for Sweden (LINBAJhe original panel is
based on a fully representative sample of the Swedish populatiooludés 3.35 percent of the
Swedish population (in 1991). All family members of these individuale ween merged onto
the data set. This increases the data set to include 8.8 percent of the population (in 1991).

The family definition used in this paper is the so called RTBiljagefinition (where
RTB stands foregistret dver totalbefolkningenn English, the total population register). The
family includes all individuals with family ties that aregigtered at the same address. This
includes extended family members (grandparents, etc.), but exclodesduals that are

cohabitating and do not have children together. This implies that tbeménof an unmarried

° In 1986, Statistics Sweden began taking in incamfiermation from both the tax registers and frompéoyers.
This eliminates the left censoring of reported mes found in the Swedish tax registers, since eyaptoare
required to report even small amounts of incomd pai.

10 Also, if you are either severely poor or have bpear for a long time, then you may have alreadshed your
savings down to zero and may not able to borrowenmooney. If this is true, then current income aodscimption
expenditures will be equalized.

1 One example is the recent study published by sSizi Sweden (2005) concerning the living condgiarf
children in Sweden. This study (a joint projecthwihe Swedish Institute for Social Research, SQ#&rviewed
children about different aspects of their livegluing; health, well being, housing, own finandessure activities,
school activities, family structure, familial refats, and other important topics. Several topiceeveven suggested
by the children themselves, such as the importaft@ving pets. Parents were also interviewed (seplg) about
the living conditions of their children.

12 1n their study on child poverty in Canada, Crogsied Curtis (2006) compare an income based measure
poverty with several measures based on consumpiipanditures. They find that poverty among childeefower
when measured using consumption expenditure thamwieasured using income.

13 The database is maintained by Statistics Swe@enwsvw.scb.se. See also Edin and Fredriksson (Z60®)ore
information on LINDA.



mother’s live-in partner is not included in our measure of totalljaimcome (unless they also
have children together) nor is the children's biological fatheceme, since he is living
elsewhere. Child support is included in the mother's income, but thed@fiidtion may still
understate the resources that children have access to if themtgphlve at different addresses.
Hence, we risk overstating the degree of poverty among single-parent hou$&holds.

Another drawback to using LINDA as opposed to, for example, HINK (called HEK),
is that we use payments from the unemployment insurance systéar payments from labor
market programs as indicators of a parent’s unemployment .siMeisdo not have a direct
measure of parental unemployment nor do we have information on underaraptpy
discouraged workers, or job search. Some unemployed persons mayefimsklves outside of
the insurance system and still not be enrolled in an active ladadeetrprogram (they may be on
welfare for example). Thus, we may be classifying some pespiminfully employed when they
are, in fact, unemployed or underemployed. This may lead us to uneletiséatrole of
unemployment as a proximate cause of child poverty.

We use the LINDA data to construct two different types of data. Our main data set
consists of a panel of children aged 0 to 4 in 1991. All of these childeemembers of the
original probability sample and are, therefore, representativeeaf ¢cohorts. We follow these
children until 2004 when they are between the ages of 13 and 17. Thug) fel@ma the same
children for nearly their entire childhood. We remove those childrenemfigrate from Sweden
or die in any year up to and including 2004 he panel data set includes 18,518 children that we
follow for every year. Throughout this paper, we refer to this partal gk as “our cohort” of
children. The second data set is a repeated cross-sectioncbilédién (in the LINDA sample)
between the ages of 0 and 17 for each year between 1991 and 2004. Eaclerasstsaction
includes about 250,000 children.

The LINDA database provides detailed information on all forms xadlti® income, all
taxes paid and all transfers received (both negative and positkahldaand non-taxable),
including unemployment insurance, parental leave benefits, sick benefits,licvildrees, social

assistance payments, etc. We will use 3 different definitocdriscome in this study; (i) total

14 A similar problem arises when studying child payersing U.S. Census of Population data. The extbtitis
problem is analyzed in Carlson and Danziger (1999).

15 We started out with 19376 children; 61 childrem, &40 emigrate from Sweden, and 157 are lost fiGnown
reasons. In total, we lose 4.4 percent of the waigdrobability sample.



market income, which includes all taxable labor related easr|mg., wages, pensions, sickness
benefits, unemployment benefits, and other taxable job related b¥hefitd net income from
capital, business income, farm income, etc., (ii) total afterstarket income, which is equal to
total market income less taxes paid, and (iii) disposable incefieh is equal to total after-tax
market income plus all non-taxable transfers and less bengéiyments (e.g., repayment of
student loans).

We assume that all members of the family share equal listagdards’ We then

calculate the needs adjusted income per family member using the followingleqay scale;

needs adjusted income per family member = (family income)/(adults + Oldhecifi®>.

This equivalency scale gives an equal weight to each adult (pet8oysars or older) in the
family and assumes that the needs of children are seventypefdbe needs of an adult. This
equivalency scale also assumes a certain degree of econdmaadeoin the family's ability to
meet the needs of its members, which is mirrored in the expondght atenominator equal to
0.85. This particular equivalency scale is quite common in thetliteran child poverty (see,
e.g., Bradbury and Jantti, 2001a, 2001b) and is similar to the official ésquiyascale used by
the OECD.

Once each child is assigned his or her needs adjusted income (hineatmme), we
then establish a minimum income threshold that separates poor wmhiroime non-poor children.
This involves two sets of choices. The first set of choices coseehether the poverty threshold
should be defined in absolute terms (e.g., a fixed income levethigké).S. poverty line) or in
relative terms (e.g., a percentage of the median income).edoad set of choices pertains to
whether one wants to fix this threshold at one point in time (i.8xed percent of the 1991

median income) or if one wants to use a moving threshold.

'8 For a description of job related benefits see @jbd.indquist and Wadensjo (2006).

" The assumption of equal sharing of resources mithe household has not received much support fiten
relevant research. Some authors argue that po@ntsacushion their children from poverty by consugnless
themselves (Middleton, Ashworth and Braithwaite 979 while others stress that mothers and fathpends
different amounts on different types of consumptiowith the underlying hypothesis being that magheill spend
more resources on children than fathers (see,laigdberg, Pollak an Wales 1997). This literatuse aiscusses the
importance of the within-household bargaining poderived from a spouse’s own earnings and inconhéghyin
turn, affects the outcome of a bargaining game de#¢rmines the composition of family expenditufese, e.g.,
Phipps and Burton, 1998). Unfortunately, this tere can not provide us with a better sharing thée the one we
have adopted. We can only hope that the equalrghaule reflects some kind of average among diffefamilies.



We opt for a relative measure of poverty, namely 50 percent ahéwan disposable
income® This is, probably, the most widely used definition of povEtile allow this threshold
to move over time, reflecting year-to-year changes in the met#pansable income. Our choices
have been motivated by sentiments similar to those expresseidsyddrak (2005, p. 13). "The
threshold must in some sense represent the level of resources Wwalotv it would be
insufficient to participate normally in society, and it should be wgulas changes occur in the
availability and consumption of goods and services that determine this norm."

Following Bradbury and Jantti (2001a), we label children as market pfier-tax poor
or disposable income poor if their market incomes, after-tax incomdsposable incomes are
below this poverty line. As such, all 3 income types and poverty mesastgeriewed in relation
to this single poverty line, which is defined in terms of disposiasieme. This will allow us to
compare our results concerning the share of market poor and digposaithe poor directly

with the cross-country evidence presented in Bradbury and Jantti (2001a).

2.1 An Overview of Swedish Family Policy and Family-Oriented Transfers
Before we begin our empirical analysis, we would like to brieflgntion several of the key
family policies Sweden has adopted to fight child poverty. Firstyest@ld in Sweden receives a
tax-free child subsidyb@rnbidrag each month. The subsidy is currently 1050 SEK per month,
which is about 150 U.S. Dollars. Each additional child (after thy fieseives an added subsidy
(flerbarnstillagg. A family with five children, for example, receives a total amount of 7614 SEK,
or about 218 U.S. Dollars per child each month.

Low income families with children can also apply for tax-freentr subsidies
(bostadsbidray Education, health care and dental care are provided free of clwargk t
children. Daycare is heavily subsidized (costing about one tenth afpsikiate daycare in the

U.S or U.K. currently costsand employment participation rates among women are quite high

18 Note that one could have chosen the median inaofmadl children as the benchmark. We choose theiamed
income of all persons in the population.

¥ The Swedish Government has frequently used 5Cepeaf the median income as an unofficial poveirig,| for
example in its 2001 National Action Plan againsvé?ty and Social Exclusion written for the EU. Tbaited
Nations and the OECD also use this measure. In thport to the European Commission, Atkinson e{(2002)
recommend reporting both 50 and 60 percent of thdiam income, which we do in Section 5. Anothesosafor
choosing this poverty line is that we wanted toabe to compare our results with those produceduncan et al.
(1993), Gustafsson (2000), Oxley et al. (2000) Bratbury and Jantti (2001a, 2001b), all of whickduS0 percent
of the median income as their poverty line.



even among single motheéfsSweden’s compressed wage distribution implies that the low end
wages are relatively high. The Swedish parental leave mseiraystem also provides
considerable income support for parents with newborn and young cHitdren.

Although the state encourages divorced and separated parentedg¢ooagehild support
payments, it is more common that the primary caretaker (usauailtygle mother) receives child
support payments from the governmemderhallsbidrag, which in turn collects money from
the other parent (typically the father). Child support paymeet$asnty harmonized, so that most
all single parents receive the same amount, regardless offdheer spouse’s income. These
tax-free payments are age dependent and range from about 2221 SEidrple & $317) for
children aged 0 — 6 to 3246 SEK per montl$463) for children aged 13 — 17.

All of these systems — and others not mentioned here — are quitalganaature. Only
the housing subsidy and child support are means tested. Those wtliallsti#low a locally
determined (but nationally regulated) minimum standard of living eantb the social welfare

office for added income support.

3. Incidence of Poverty
We begin our empirical analysis by examining the incidenahitd poverty in Sweden. Table 1
presents the share of children living in poverty during the years tO2004. This share is
calculated for our cohort (children born between 1987 and 1991) andafidy geoss-sections of
all children (in LINDA) aged 0 to 17. We report these shares tortloree different income
measures, which enables us to talk about three different casegbmeor children; the market
poor, the after-tax poor, and the disposable income poor.

There are several striking results to note. First, despitel&vige relatively compressed
wage distribution and high labor participation rates among both mew@mneén, an average of

26 percent of all children are market poor, which is quite sindahhe share found in most

% The participation rate for women fluctuates betw@é and 80 percent during the time period studied.

% The Parental leave insurance system providesiéamilith newborn and small children with 13 morhsaxable

benefits equal to 80 percent of the at-home pagentirent salary up to a maximum monthly salarglaut 33,000
SEK (& $4714 per month). Two of these months must bentkethe father or they are lost. After these 13the

are used up, parents have an additional 90 daysrufits paid out at a fixed daily rate of 180 SEKSE26) per day.
Many parents also have extra parental leave insargrovided for them through their collective lalagreements.
All central government employees, for example, irac80 percent of their salary and the monthly rsatziling is

removed entirely.



industrialized countries (Bradbury and Jantti, 2061&econd, 43 percent of all children are (on
average) classified as after-tax poor. This is quite remalgten most people’s preconceived
notion of the Swedish tax system being strongly progre$di#eom the standpoint of low
income children, it is not.

The share of disposable income poor in our cohort is (on average) 4.8tdeeteeen
1991 and 2004. This can be compared to an average of 5.7 percent among@h ¢ml
LINDA) during this perio?* These shares are quite low by international standards (gee, e.
UNICEF, 2000; Forster, 2000; Bradbury and Jantti, 2001a, 2001b).

How then does Sweden fight child poverty? The differences betweavehege poverty
rates of our three income measures answers this question lgaitg.cSweden uses transfers to
fight child poverty.

In Table 1, we see that the share of market poor children ircahort falls (almost)
monotonically from 24 percent in 1991 to 16 percent in 2004. The share of after-tax poor children
in our cohort falls (almost) monotonically from 44 percent in 1991 to 2&pei 2004. The
share of disposable income poor also falls, albeit not monotonicalhy, 6t2 percent in 1991 to
3.5 percent in 2004. Similar falls in child poverty are not observedhitaren in the yearly
cross-section samples.

The differences between the time series profiles for our celmortfor the yearly cross-
sections of all children can be interpreted as the life-cydglgiof child poverty. As our cohort
ages, their families tend to have more resources than thoseefamith younger children. The

average age of children (and their parents) in the cross-seectioples, on the other hand,

22 Bradbury and Jantti (2001a) report 39 percentketgpoor children for Sweden. They report 31 perdenthe
U.S. and an average across 23 countries of 31cepermheir measure of market poor used for Swelifégrs from
ours, since it is based on the older, tax unitrdiédin of households. For the other countries,rthe¢asure is based
on a household definition similar to our RTB detfion.

% All workers in Sweden pay local taxes, which dg fate taxes that vary from county to county, brg (on
average) about 30 percent. Tax deductible incomeuata are very low. So, the marginal tax rate o Income
workers is essentially 30 percent. High income wosk with income above the median, pay central gowent
taxes as well. They face marginal tax rates of betw30 and 55 percent.

24 Using cross-section data on disposable income fiiwenLuxembourg Income Study, and applying the same
poverty definition as we use, Bradbury and Jamfi0la) calculated that the share of disposableniecpoor in
Sweden in 1992 to be 3.7 percent. Our cross-seatieasure for 1992 is 5.8 percent (see Table 1hdJsimilar
methods, the Swedish poverty rate in 1995 was astithat 2.6 and 2.7 percent, respectively, by UNHCED00)
and Forster (2000). Our cross-section estimatel®95 is 4.1 percent (see Table 1). Thus, our lowasue of
poverty actually lies above the level of povertgaged in previous studies. This difference is nidsly due to the
fact that previous studies have been based onuftéts” as opposed to households. Our study usesdheRTB
family definition, which is more similar to the dieition of a household used in most other countries
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remains (approximately) constant from year to year. Hencéintleeseries profile of the repeated
cross-sections does not contain any information on the life-cycle pattern ofypover

The fairly smooth, downward trends in the shares of poverty reportéd@ble 1 are
indicators of the life-cycle profile of poverty, but they do noteeflthe true profile, since they
are clouded by other time varying and cohort effects and sinceobartaepresents an average
of children born in five different yeafs.To obtain a more precise picture of the life-cycle profile
of child poverty we have pooled the samples of all children (in LIN®ged O to 17 in each year
from 1991 to 2004. Each child’s poverty status (in a particular yeance sve have multiple
observations for most all children) is regressed onto a set afuagmies. The coefficients from
this regression are then used to produce a life-cycle profilehitat poverty. This profile is
shown in Figure 1.

We have also calculated the share of children aged zero thpb@rén each year. We
then taken the average of these 14 annual shares, and we have pistse@rage in Figure 1.
This is repeated for children aged 1, 2, 3, and so on. These averagésodam \daewed as non-
parametric estimates that net out cohort and year effects.aragyor all intents and purposes)
identical to the shares predicted from the regression with @gentes, except for children aged
zero.

Figure 1 tells us that (on average) 8.6 percent of all childre born into poverty. The
average poverty rate then drops to about 7.5 percent among 1-year adtdrchiifter which, it
declines (monotonically) to about 3.8 percent among 17-year olds.

Families with small children work less and, although generous, wesliSh parental
leave insurance system does not compensate parents fully fablostncome. In short, it is not
surprising that families with young children are poorer, since tiaeg less labor inconf@ As
their children age and start at daycare or school, parents caterdgke labor force and continue
their own career development.

Children aged 17 have the lowest poverty rates. Once again, this ceadig explained
by typical life-cycle considerations. The parents of theselm@nl are now older and have had

% For example, in 1991 our cohort is on averageatsyeld, since it is made up of children born betw#&987 and
1991 (i.e., aged 0 to 4).

%t is not clear, however, that all of this incofoss is welfare decreasing. Labor income is tr&detime at home
with children, which may be beneficial to their élapment. Many families plan their consumption aading
decisions prior to having children so that they samboth consumption over this period. Some markedg and
services can be replaced with home production.
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many years to advance their careers in the labor markéér ®rothers and sisters have left
home, which means that parental resources are not spread as¢hosly their children. Children
are allowed to work (with some restrictions) from age 15. Tmas)y have declared income of
their own, which increases their family incomes and lowers their poverty rates

Returning to Table 1, we see that the dramatic rise in unemplatyexperienced in
Sweden during the early 1990’s was not accompanied by a rise dnpawiérty. At first glance,
one might conclude that this is merely a sign that the Swes#dfare state succeeded in
cushioning children from negative income shocks, and indeed, this is plaet stbry. However,
we also see that the median needs adjusted income (in reg| deomged every year from 1991
to 1995. This means that our poor children are (on average) worsel8®3nthan they were in
1991 and that some children who would have been classified as poor predmisigw not
included. This, of course, is the main drawback of using a relatiop@ssed to an absolute

poverty definition?’

4. Persistence of Poverty

Is poverty a permanent or transitory state? The number of eaadsin poverty are reported in
Table 2. Of all of the children in our cohort, 49.3 percent have been npaxteand 74.4 percent
after-tax poor for at least one year during their childhood. Thes®ers imply that the majority
of children in Sweden rely at some point during their childhood on gowsrintransfers to avoid
falling into poverty. Despite these transfers, 21.3 percent of oudrehilhave been disposable
income poor at least once in their lives and 2.0 percent have beerabisposome poor for 7
years or more, i.e. more than half of their childhood is spent ierpowVe will refer to these
children as the chronically po&t.

Existing definitions of chronic poverty have been largely detethi by the
characteristics of the data used. Our definition is sinoldné one used by Walker and Ashworth
(1994). They defined chronic or permanent poverty as being poor for madt of one’s
childhood. Using data from the Panel Study of Income Dynamics, tlueyl fthat only 1 percent

2 If we, instead, us a constant, absolute measumgowérty, namely 50 percent of the 1991 median diaple
income, then the share of children in our cohotégarized as poor is 0.06, 0.06, 0.04, 0.04, (00&, 0.06, 0.05,
0.06, 0.04, 0.04, 0.02, 0.02, 0.0he share of children in our cohort receiving wedfaupport each year (a moving,
absolute measure) from 1991 to 2004 is 0.11, @112, 0.11, 0.10, 0.11, 0.10, 0.08, 0.07, 0.065,00004, 0.05,
0.05.

% The share of chronically market poor children8s3lpercent and chronically after-tax poor is 3%gcent.
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of American children were chronically or permanently poor. &illl Jenkins (2001) used 6 years
of the British Household Panel Survey and defined chronic poverty in tfeoedit ways. They
first counted the number of children who had been poor every yealt tbyears. They found
that 2.4 percent of children aged 0 — 5, 1.5 percent of children aged 6 — 2érammercent of
children aged 12 — 17 had experienced chronic poverty. Then, they gavehdddhis or her
average income (i.e., they smoothed incomes over the 6 year periatiearadculated the share
of children who fell below the poverty line in all 6 years. Th&uteed in 14 percent, 8.2 percent,

and 2.9 percent of chronically poor children in each respective age group.

5. Severity of Poverty

Throughout this paper, we define children as being poor if their neasstetijncome is below
50 percent of the median needs adjusted income. Although this is, prabaliyost frequently
used definition of poverty in the literature; it is still a sahat arbitrary choice. Here, we want
to investigate the importance of this choice by investigatiig itnpact of using exactly 50
percent as the cutoff point, as opposed to some other percentage, onidbecen®f child
poverty.

To do this, we construct two new groups of children. Those with incomeshas 40
percent of the median are labeled the "severely" poor. Wealsl look at children who are
better off than those in our baseline, but have less than 60 percenthoédian. These children
are labeled "at risk" of being poor, i.e., they find themselveg ardmall distance above the
benchmark poverty line, so that a negative income shock may push them below the poverty line.

These two new groups are presented together with our baseline pobtar8TAlthough
the differences between these three measures differ somevdndtme, on average, 2.0 percent
of children are severely poor, 4.2 percent are poor, and 9.3 pereattrask of becoming poor.
On average, there are 2.2 percentage points more children who artagoevho are severely
poor. The largest difference, however, is between those who arambttose who are at risk of
becoming poor. The average difference is 5.1 percentage points.

Table 4 presents the number of years spent in each of our thrgeresteless than one
percent of the children in our sample are severely poor for 7 oe years, i.e. severely
chronically poor. The average number of years spent in severe\psv@r28 years, in poverty is

0.59 years and at risk of being poor is 1.30 years. Once again, wWeasdeet largest absolute
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difference is the difference between the average number &f gpant in poverty between those
who are poor and those who are at risk of becoming poor. We, therefookydsothat our
baseline measure of poverty does well at capturing the nurhpeoochildren. But we miss the
large portion of children who risk falling into poverty, which suggekat policy makers may
need to have two numbers in hand: the number of poor and the number who risk” “at

becoming poof?

6. Flowsinto and out of Poverty

The stock of poor children in any year consists of two groups of ehildhose who were poor
last year and those who have just entered into poverty. By examimarftptvs into and out of
poverty and notjust the stock of poor, we may be able to distinguish between different
mechanisms that drive observed changes in the level of child povel&again a broad sense).
For example, the flow into poverty may be due to either cyclice@mployment or to a
particularly family unfriendly policy. The flow out of poverty masignal an upturn in
employment or it could be due to better policies that fight povettg. dnset of a poverty trap
could manifest itself as a long term decrease in the flow out of poverty.

In Table 5, we report the flows into and out of poverty for our comattfer yearly cross-
sections of all children. Two simple identities illustrate how aalculate these flows. The first
identity, pooy = stayers; ; + inflow,.; 1, States that the stock of poor in yea equal to those who
were poor in yea-1 and remain poor in yeaplus the flow into poverty between ye&s andt.

The second identity, pooE pook.; + inflow;.;  — outflow; ¢, States that the stock of poor
in yeart is equal to the stock in yegf plus the inflow less the outflow. Since we already know
the stocks and the inflows, we can readily calculate the outflomeleetany two years. Note that
our cross-sectional results are based on a sample of all childyeart-1 who we also observe
in yeart. Once that is done we discard this sample and draw a new sanygleri and follow
these children into year1, and so on. In essence, our cross-section estimates are based on
overlapping, two-year panels of children sampled from the entire gopulof children. We
include these estimates in order to contrast them with the estimates froahotir(panel data).

It is, perhaps, easier to interpret these inflows and outflows if we lobkratgraphically.

Figure 2, plots the stock of poor, stayers, inflows and outflows fronerpoYor our cohort of

29 Our suggestion echoes Recommendation 8 in Atkiesah (2002).
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children for the years 1991 to 2004. The large drop in poverty observed bei@@&E and 1993
was due to a large decrease in the flow into poverty. A subsegp@mboughly equal drop in the
outflow occurred between 1993 and 1994. Between 1996 and 1999, the flows into povedy te
to be somewhat larger than the outflows, which pushed poverty up. ythamtfalls until 2004
as this trend is reversed. Between 1993 and 2001, the numberevt stapded slowly upward,
implying that the length of an average poverty spell increased.

A remarkably different picture arises when we compare ourl ghata with the cross-
section data (see Figure 3). Poverty rose by 3 percentage @@dntercent) between 1995 and
2001 in our sample of all children (in LINDA), while it was relaty stable for our cohort of
children. The difference in the levels of poverty in our cohortiande cross-section remind us,
once again, how important the life-cycle pattern of poverty isHodren, as are year and cohort

effects.

7. Multiple Spells

Another intrinsically dynamic question that we would like to addieswhether or not our
children suffer from single or multiple poverty spells. In Tablevé,see that 78.7 percent of our
cohort never experience poverty; 14.2 percent experience only onefspellerty. This spell,
however, may last up to 14 years. About 7.1 percent of our children expgeaielgast 2 and at
most 5 distinct spells in poverty.

How should we view or interpret the existence of multiple povarglls? One probable
reason for having multiple poverty spells is that we have choBredapercentage of the median
income (here 50 percent) and then defined all children as poor ifdihayot surpass this
threshold. But what if a child has 49 percent of the median intyéalfowed by 51 percent of
the median in year+1, and 49 percent once again in yee2? According to our measure, this
child is poor, not poor, and then poor once again. That is, he or she hasregiktivo distinct
spells of poverty spread out over 3 years. But, in actual fact, thessceconomic situation has
not really changed by much during these 3 years. It is gkly fihat many of the multiple spells
that we observe are simply due to those children that have incotmiel fluctuate from year to
year somewhere near 50 percent of the median income.

This is something that we can test for. To do this, we take thect#@i8en in our sample

who have experienced 2 or more spells of poverty. We then chandefihiéon of poverty to
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60 percent of the median income and calculate a new set of petaistics for these children.
The new set of poverty spells experienced by this sub-sample ohitdnen is reported in Table
7. The results of this experiment do not support the idea that mdpplis are caused by small
movements around our benchmark poverty line. Only 245 of the 1318 children (ipercéat)
experience only one poverty spell after we raise the poverty line to 60 percentdiae.

An alternative hypothesis concerning multiple poverty spelldhas of poverty spell
dependencies, which are often viewed as evidence in support of sienegi of poverty traps.
Here, we have to be clear about what we mean when we usgrthpoverty trap. One could say
that those who are long-term or chronically poor are “trapped” inrpov@ut what we mean is
the following; A poverty trap (spell dependency) is when an individusbmehow damaged by
his or her first poverty experience (here, of course, we're lacttadking about the child’'s
parents). When we say “damaged”, we mean that that those who ereeesed a single spell
of poverty are more likely to fall into poverty a second timeskske equal (i.e., controlling for all
observable and unobservable differences between families). Somatidngthe experience of
being poor once raises your probability of becoming poor again.

In our data set, those who were (for example) born poor have a higher probabiitggf
poor in every subsequent year up to and including 2004. This remairevauef we condition
on numerous observable characteristics. The main drawback of the oleghcal approach we
have adopted in this paper (arguably thely drawback) is that we cannot control for
unobservable heterogeneity. That is, we cannot determine whethdrighes probability of
being poor is due to unobservable heterogeneity or to spell depend@asiedy( traps). To do
that, we would need to put more structure on the problem, e.g., adopt a structural miateiosim
the statistical models used by Hansen and Wahlberg (2004), Fadigifaanm (2007) and
others®

We, therefore, leave this as an open question for future resdaschmportant, however,
to understand why we should care about spell dependencies. The policatiomplof spell
dependencies is to fight poverty early and hard, so as to avoid ¢a@gje down the road. In our

% Hansen and Wahlberg (2004) make a convincing frasthe existence of spell dependencies for Swealiklits,
while Fertig and Tamm (2007), using the same mailogy as Hansen and Wahlberg (2004), find no sicaift
spell dependencies among children in the GermamSmonomic Panel. They argue that their dataasdil against
finding spell dependencies, since information oa parents’ poverty spells before the birth of thahildren is
missing. The same would be true for our data set.
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context, this means larger transfers to families with youmigiren. Of course, such a policy is
consistent with our life-cycle pattern of child poverty even in dbsence of poverty traps.
Several of our findings, however, actually downplay the potential irmpoet of such
dependencies in this context. First, poverty is not an absorbing\8tatéo not see an increasing
trend in the number of poverty stayers over time (see Figunel Figure 3). Second, we know
that the majority of children that experience multiple spekssditl better off (i.e., spend fewer
years in poverty) than those who are chronically poor (see column 3 in Table 6).

A third, more likely explanation of the existence of multiple spelbuld simply be that
some families have quite volatile incomes and that movementsdimat of poverty are, more
often than not, associated with significant changes in a familytazimstances. Bradbury,
Jenkins and Micklewright (2001b) reach a similar conclusion fo7 tbeuntries included in their

study.

8. Who Arethe Poor?

In this section, we identify who the poor children are. Are thegtaldiren living in single parent

families? Are they all born abroad? Are their parents sickn@mployed, newly divorced, or
recently deceased? We can address these types of questiongfosimgtion about the children

and their families taken from the LINDA database described ctidde2. Table 8 lists the

variables (along with descriptive statistics) included in the lpdeta set that we use to identify
common characteristics of poor childrén.

We know theSexof the child and whether or not the child was born in Swed&oor
Abroad (italics denote variable names). The remaining variables aoobaracteristics of one or
more of the parents or for the family unit as a whole. For pl@amnwve know thédousehold Size
and how manyChildren are in the household. We have created a variable dadeent Age
which refers to the age of the oldest adult household member in 199hawWealso created a
variable calledmmigrant Sharewhich is the share of adult household members that were born
abroad. We then take this variable and break it down into four cateddjesimigrant share =

31 please note that we are not looking for the “cslusé poverty in this exercise. We are merely tgyio identify
who the poor children are, or, more preciselyptklfor observable characteristics shared by pbibdren.
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0,(2)>0&<0.33,(3) >=0.33 &< 0.66 and (4) >= 0.66 & <= 1. This enalslds interpret the
coefficient on the variablemmigrant Sharén a more logical fashioff.

In order to identify the educational characteristics of poor @nldrfamilies, each child
has been assigned the high&stucation achieved by a single family member. Families are
classified into five Family Typs: (1) married, which includes same-sex partnerships, (2)
cohabitating, where both are parents to at least one child inntiilg,fé3) single father, (4) single
mother, and (5) other. In these single parent households, thereeraagobabitating step-mother
or step-father, but since they are not married and do not have chiddether, these two adults
are not linked to each other as family members when applying the RTB fariniljiote. >

Other variables include the share of disposable family income&ederfrom Sick
insurance and/or benefits and whether or not at least one fanmip@ndias beebdnemployedat
some point during the year.Unemployed: 1, then we also know whether or not someone in the
family has collectedUnemployment InsurancA-Kassa), minimumUnemployment Benefits
(KAS), and/or participated in laabor Market Progranat some point during the ye¥r.

Other variables include whether or not the family has receiVetlareduring the year.
We have information ostudent Aidewhich tells us if one of the parents has been studying at
college or university. We also know if they have been enrolled iAdaft Educationprogram
aimed at obtaining (for example) a high school equivalency diploma.

In Sweden, family members can receive aide IleHome Careof children or adult
family members that suffer from long-term illnessdandicap BenefitsWork Injury Benefits
andDisability Pensionare available to individuals who meet the necessary requirerfrentsl|
of these variables, we know whether or not at least one famityoerehas received each type of
support. Lastly, if a child’s parent dies, before he or she ta#sthen the child will
automatically begin to receiveGhildren’s Pension

All of these variables can be viewed as child and/or familyaditeristics that one may
believe affects a child’'s chances of growing up poor or not. To igiethiif poor, we use these
data in a logistic regression with the binary variaBteverty (see Table 8) as the dependent

%2 We don't feel that it makes much sense to aslqtiestion: How does the poverty risk change if werdase the
share of adults in the household that are bornaabby 1 percent? The immigrant share variable isaremntinuous
one. In practice, the most common valuesnafigrant Shareare 0.25, 0.33, 0.5, 0.66, 0.75 and 1. So instead,
ask: How does the poverty risk change if you have marent born abroad or two parents born abroad?

% In practice, this means that (for some childrensimgle parent households) we will be underestimgathe
available resources within the household.

3 KAS was removed in 1999, so we only have data iminmum employment benefits up until 1998.
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variable. The data are pooled, so that we have at most 18,518 (indiyvidii&léyears) = 259252
observations for each variable. County and year dummies are in@dadszhtrols. Odds ratios
and robust standard errors (clustered on individuals) are reported in Table 9.

Neither the sex of the child nor the child’s age in 1991 afféethild’s poverty status.
Parental age, on the other hand, does matter. Having older pareeis the probability of being
poor, which is consistent with the life-cycle pattern of child poverty discusseerearl

Being born abroad also matter. This raises the odds ratieiafy poor to 1.70 (see
column (1) in Table 9), which implies a 70 percent higher risk of bpoag for children born
abroad than for children born in Sweden. Our alternative measuréhatee adult household
members that are born abroad, produces even higher odds ratios. & hashidone parent born
abroad, then his/her poverty odds ratio is between 2.17 and 3.30 (see c@yrmii8) in Table
9). If both parents are born abroad, then the child’s poverty odds raktween 3.06 and 5.86.
Taken together, these results imply that children in immigrEamilies are strongly
overrepresented among poor children.

Children living in larger households are also more likely to be gwor those living in
smaller households. In column (3), we test an alternative meabdiaeily size, namely the
number of children in the family. This also produces a higher ridkeofg poor, although the
odds ratio is half that found on the household size variable.

There are several reasons why we might find that householdchaiters. The first would
be that parents with a fixed income must spread that income mafg &cross all of their
children. Second, having more children may mean that one participsseis lthe formal labor
market. Both of these types of arguments reflect what would figrbgathought of as proximate
causes of poverty. Keep in mind, however, that this result maybalan artifact of our formula
for calculating the needs adjusted income of each child (i.e.gtheaéency scale). Perhaps we
have underestimated the true returns to scale in meeting children’s needs faugd farhilies?

Another important indicator of poverty is family type. If we usarmed parents as the
reference group, then the poverty odds ratios for children living giesfather households run

from 3.65 to 6.20 and for children in single mother households they range h&&®8eand 3.56.

% Some families contribute more than one child ® phobability sample. Each child from the same famiways
has identical values on all variables except fog'®mwn sex, age and country of birth. These véggmimay vary
across siblings. We remove 137 children from theggessions, so as not to give more weight to famithat
contribute more than one child to the probabilamngple.
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These odds ratios, however, must be treated as upper bounds on the tru¢iasjdsimee the
RTB family definition introduces a clear upward bias by undengtathe true amount of
resources available to children with parents that do not livehegéiVhether or not a child’s
parents are married or cohabitating does not seem to matter(irinaichll) for his or her poverty
status.

Low education status also appears to be a major charactefigtie parents of poor
children. Those children who have parents who have not completed the ®ed#ir® of grade
school Education) have poverty odds ratios between 1.74 and Z.fidse who have completed
9 years of elementary school, but not high schidu€ation2 have poverty odds ratios between
1.68 and 1.86. The reference grofulijcationd consists of those parents who have a 3- or 4-
year high school degree, which is the median education level in our sample.

Some very important “positive” results also appear from thi$ysisa Those on welfare
tend to run only a marginally higher risk of being poor (if at all). This imphiasthey are indeed
receiving a fair amount of help. Those children who have parents vehgoamg to college,
university, or are enrolled in some other form of adult education, damat lhigher risk of being
poor. Also, children in families in which some family member had#tihg@aoblems, a handicap,
or has been granted disability pension do not run a higher risk of becpmind® Lastly,
children whose parents pass away receive the necessary economic sapptié fstate so as not
to run the risk of becoming poor.

Another important finding is that children who have at least one ptranhas suffered
from a spell of unemployment during the year do not appear ta iugher risk of becoming
poor. However, this average result hides some important differameesg different types of
families. Most workers in Sweden have worked long enough and have gesdirfto the
unemployment insurance system; so that when they become unemitieye@ceive generous
payments from the unemployment insurance sysfe@hildren of these workers actually have a
lower than average risk of being poor, with a poverty odds ratio of Se#dcolumn (4) in Table
9).

% We have not, however, taken into consideratiori tha disabled may have higher living costs duehteir
disability. We, therefore, risk understating poyaert this group.

37 Currently, the replacement rate is 80 percentterfirst 200 days up to a ceiling of 20,075 SEK menth. After
that, the replacement rate falls to 70 percent.niypleyed workers are eligible for unemployment imswe for a
total of 300 days. Many workers have additionaluimasice provided through their employment contrgstse
Sjogren Lindquist and Wadensj6, 2006).
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There is a group of workers (mainly young and recent immigrants) whanloayaid into
the system or have not worked long enough to qualify for unemplttymsurance. Instead,
these people receive the lowest possible unemployment benefit anchiltzen have a poverty
risk equal to the baseline risk. Once insurance and/or benefiexlaaeisted, people are placed
into some sort of labor market program. These are the long-termpimeed and their children

have a poverty odds ratio of 2.30.

9. Who Arethe Chronically Poor?

For most children, poverty appears to be a transitory state. BRifgircent of our sample, it is a
more permanent condition. Does this “permanency” depend upon a parsieulafr observable
family characteristics? If so, is this set of characteristiésrdnt from that of the transitory poor?

To answer these questions, we run a series of logistic segresimilar to those reported
earlier in Section 8. Now, however, we only look at those childiem have been poor at least
once during their childhood. These poor children are then placed into stwactigroups: the
chronically poor, who have been poor for 7 or more years, andrtipotarily poor, who have
been poor for at most 6 yedrsTable 10 presents the results of this experiment.

There are three observable family characteristics tHat uge to identify the 2 percent
chronically poor children. The two most important characteristiesthe share of adults born
abroad in the household, i.e., the immigration status of the child’s paesmtsparents with
unusually low education. Chronically poor children also tend to come frger lEamilies. These
three characteristics tend also to be correlated with one another.

Perhaps surprisingly, children living in single parent households ddanat higher
chronic poverty odds ratios than children living with both parents. Thi#t ieprobably due to a
combination of parental actions (e.g., working more, going back to sakewmlarrying) and to

welfare state policies like those mentioned earlier in &@&il. The main conclusion that arises

% Keep in mind that we may be underestimating theadmportance of unemployment as a proximate €afs
child poverty since we do not have a proper measfiranemployment spells, underemployment, discaeaag
workers, or job search. What we have are paymeatierfrom the unemployment insurance system and fabor
market programs. We can only use these as pantiadators of unemployment. Some people may be ulwgeg
and find themselves outside of these two systems.

% The baseline risk of being chronically poor, giveat you have experienced at least one year oémpvs 9.5
percent.
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from this analysis is that immigrant status is more importiaan family type or employment

status for predicting chronic povefty.

10. Conclusion

The purpose of this paper has been to study (empirically) the dygarhchild poverty in

Sweden. We found that Sweden has roughly the same share of-pw@okeathildren as other
industrialized countries, but a remarkably low share of disposatdenie poor children. This is
accomplished through transfers and not through the tax systemm. the viewpoint of poor
children, the Swedish tax system is strongly regressive.

We also documented a distinct life-cycle profile for child povefgproximately 8.6
percent of all children are born into poverty. The average povattythen drops to about 7.5
percent among 1-year old children. After which, it declines (monotdy)ita about 3.8 percent
among 17-year olds.

In our cohort of children (born 1987 — 1991), 49 percent have been market peastat
once and 74 percent have been after-tax poor at least once durinchtlaiood. This implies
that most children rely at some point in their lives on governmmansfers to keep them from
falling into poverty. Despite these transfers, 21 percent of our ehildave been disposable
income poor at least once during their childhood and 2 percent have beealulspusome poor
for 7 or more years. We also note that there appears to beeanlarer of children who are “at
risk” of becoming poor and we suggest that policy makers should have this number in ngnd alon
with the standard poverty statistics when considering policy measures.

Children in Sweden are largely protected (economically) framaraber of quite serious
events, such as parental unemployment, sickness and death. In thidhse@eedish welfare
state appears to be a remarkable success story. Events sadatilpglissolution and long-term
unemployment do push children into poverty, but for most of these children, ypoverhly
temporary. Single mothers, for example, are overrepresented ah®pgdr, but not among the
chronically poor. Children with immigrant parents, however, are glyaverrepresented among

the chronically poor; as are children whose parents have unusually low educations.

‘0 Once again, our measures of unemployment may lesado understate the importance of unemployment,
particularly among the chronically poor, since upt@yment is highly correlated with both low eduoatiand
immigrant status.
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We believe that it is important to keep in mind that Sweden hadena conscious
decision to fight child poverty and (unlike many other rich cousitiias, in fact, been relatively
successful in doing so. This fact makes Sweden an important casefst an international
audience interested examining and evaluating the effectiveneatteafiative strategies for
fighting child poverty. It remains to be seen, however, how thed&h welfare state will

approach the problem of chronic poverty among immigrant children.
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Table 1. Share of Children Living in Poverty, Unemployment and the Poverty Line, 1991-2004.

disposable income  totaf

year market poor after-tax poor poor unempl. pﬁ;\/ggty
cohort all cohort All cohort all (in %)

1991 0.24 0.22 0.44 0.44 0.062 0.054 5.2 46735
1992 0.25 0.25 0.41 0.44 0.057 0.058 10.7 46374
1993 0.25 0.28 0.42 0.47 0.034 0.044 14.8 44107
1994 0.24 0.29 0.41 0.48 0.033 0.050 15.7 43414
1995 0.22 0.27 0.39 0.46 0.033 0.041 14.7 42528
1996 0.20 0.26 0.35 0.43 0.037 0.045 14.1 42622
1997 0.19 0.26 0.35 0.42 0.044 0.053 13.1 42831
1998 0.19 0.26 0.35 0.43 0.040 0.049 10.8 44189
1999 0.19 0.26 0.35 0.43 0.052 0.064 9.7 44761
2000 0.18 0.26 0.33 0.41 0.047 0.067 7.9 47321
2001 0.18 0.26 0.32 0.41 0.046 0.071 6.9 48645
2002 0.16 0.26 0.28 0.39 0.037 0.069 6.8 52607
2003 0.16 0.27 0.28 0.40 0.036 0.066 7.1 53263
2004 0.16 0.28 0.28 0.40 0.035 0.067 7.6 54306
annual

averages 0.20 0.26 0.35 0.43 0.042 0.057 10.4 46693

a) Total unemployment = open unemployment plus thondakor market programs, % of labor force. Downkxhd
from the Swedish Labor Market Board’s (AMS) homepag February 1, 2008; http://www.ams.se/admin/
Documents/ams/arbdata/arb2007h.xls.

b) In 1991 SEK.

27



Table 2. Number of Years Spent in Poverty by Children Born 1987-91.

disposable income

years spent in poverty market poor after-tax poor poor

0 0.507 0.256 0.787

1 0.093 0.114 0.089

2 0.063 0.074 0.045

3 0.050 0.060 0.024

4 0.040 0.057 0.017

5 0.035 0.048 0.010

6 0.029 0.041 0.007

7 0.028 0.041 0.007

8 0.025 0.039 0.004

9 0.021 0.038 0.003

10 0.021 0.036 0.002

11 0.018 0.036 0.001

12 0.019 0.036 0.001

13 0.019 0.038 0.001

14 0.032 0.085 0.001

mean # years in 2.80 4.98 0.59
poverty
(s.d.) (4.09) (4.86) (1.63)
share chronically poor 0.183 0.349 0.020

(>= 7 years poor)
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Table 3. Share of Children Born 1987-91 Living in Severe Poverty, 1991-2004.

disposable income poor

Year 40% of median 50% of median 60% of median
1991 0.032 0.062 0.115
1992 0.029 0.057 0.111
1993 0.016 0.034 0.076
1994 0.016 0.033 0.074
1995 0.016 0.033 0.075
1996 0.017 0.037 0.081
1997 0.023 0.044 0.092
1998 0.020 0.040 0.084
1999 0.023 0.052 0.123
2000 0.019 0.047 0.119
2001 0.019 0.046 0.113
2002 0.017 0.037 0.081
2003 0.017 0.036 0.080
2004 0.017 0.035 0.078
averages 0.020 0.042 0.093
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Table 4. Number of Years Spent in Severe Poverty by Children Born 1987-91.

disposable income poor

years spent in poverty 40% of median 50% of median 60% of median
0 0.878 0.787 0.644
1 0.064 0.089 0.109
2 0.022 0.045 0.068
3 0.012 0.024 0.046
4 0.008 0.017 0.033
5 0.005 0.010 0.023
6 0.003 0.007 0.017
7 0.002 0.007 0.015
8 0.002 0.004 0.011
9 0.001 0.003 0.009
10 0.001 0.002 0.007
11 0.001 0.001 0.006
12 0.000 0.001 0.005
13 0.000 0.001 0.004
14 0.000 0.001 0.004
Mean # years in poverty 0.28 0.59 1.30
(s.d.) (1.05) (1.63) (2.54)

Share chronically poor

(>= 7 years poor) 0.007 0.020 0.061
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Table 5. Flows In and Out of Poverty, 1991-2004.

panel data cross-section data

year poor stayers inflow  outflow poor stayers inflow  outflow
1991 0.062 0.054

1992 0.057 0.028 0.029 0.034 0.058 0.028 0.030 0.026
1993 0.034 0.018 0.016 0.039 0.044 0.023 0.021 0.035
1994 0.033 0.017 0.016 0.017 0.050 0.022 0.028 0.022
1995 0.033 0.016 0.017 0.017 0.041 0.021 0.020 0.029
1996 0.037 0.019 0.018 0.014 0.045 0.022 0.023 0.019
1997 0.044 0.021 0.023 0.016 0.053 0.025 0.028 0.020
1998 0.040 0.024 0.016 0.020 0.049 0.026 0.023 0.027
1999 0.052 0.025 0.027 0.015 0.064 0.027 0.037 0.022
2000 0.047 0.027 0.020 0.025 0.067 0.035 0.032 0.029
2001 0.046 0.029 0.017 0.018 0.071 0.038 0.033 0.029
2002 0.037 0.020 0.017 0.026 0.069 0.038 0.031 0.033
2003 0.036 0.020 0.016 0.017 0.066 0.037 0.029 0.032
2004 0.035 0.020 0.015 0.016 0.067 0.038 0.029 0.028
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Table 6. Multiple Spells.

average number average spell length =
number of spells share of cohort of years poor average years poor/
(s.d.) number of spells
0 0.787 0 0
1.95
0.142 (2.06) 1.95
3.97
2 0.050 (2.48) 1.99
541
3 0.016 (2.18) 1.80
6.30
4 0.004 (1.84) 1.58
7.31
5 0.001 (1.42) 1.46
Table 7. Multiple Spells Experiment.
50% of median 60% of median
number of spells frequency frequency
0 n.a. 0
1 n.a. 245
2 934 544
3 292 384
4 79 130
5 13 14
6 0 1
number of individuals 1318 1318
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Table 8. Descriptive Statistics for Panel Data, 1991-2004.

Variable Mean (s.d.) Median Min Max Total # Obs.
Poverty (poor = 1) 0.04 (0.202) 0 0 1 259252
Years Poor 0.59 (1.626) 0 0 14 259252
Chronic Poor 0.02 (0.141) 0 0 1 259252
Sex of child (female = 1) 0.49 (0.500) 0 0 1 259252
Age of child in 1991 1.96 (1.402) 2 0 4 259252
Household Size 4.17 (1.127) 4 1 15 259252
Children 2.14 (1.111) 2 0 12 259252
Parent Age 39.8 (7.317) 39 18 80 258486
Born Abroad (yes = 1) 0.02 (0.126) 0 0 1 259252
Share of Adult Household Members 0.07 (0.180) 0 0 1 258597
Born Abroad

1: Immigrant Share =0 219025
2: Immigrant Share >0 & < 0.33 15576

3: Immigrant Share >=0.33 & < 0.66 18710
4: Immigrant Share >=0.66 & <=1 5941
Highest Education in Household 4.22 (1.292) 4 1 7 257966
1: Grade School < 9 years 1791

2: Grade School 9 or 10 years 15356
3: High-School <= 2 years 69402

4: High-School > 2 years 72673

5: College < 3 years 37495

6: College >= 3 years 58423

7: Graduate School 2826
Family Types 259241

1: Married (including partnerships) 156954
2: Cohabitating (both are parents to at least one child in household) 48210
3: Single Dad (cohabitating step-mom may be present — but no child together) 7610
4: Single Mom (cohabitating step-dad may be present — but no child together) 45726
5: Other 741

Sick 0.03 (0.081) 0 0 0.99 259240
Unemployed 0.27 (0.444) 0 0 1 259252
Unemployment Insurance 0.23 (0.424) 0 0 1 259252
Minimum Unemployment Benefits 0.02 (0.154) 0 0 1 148144
Labor Market Program 0.12 (0.322) 0 0 1 259252
Welfare 0.08 (0.274) 0 0 1 259252
Student Aide 0.06 (0.246) 0 0 1 259252
Adult Education 0.06 (0.235) 0 0 1 259252
In-Home Care of Adult 0.003 (0.05) 0 0 1 259252
In-Home Care of Child 0.04 (0.194) 0 0 1 259252
Handicap Benefits 0.007 (0.08) 0 0 1 259252
Work Injury Benefits 0.01 (0.108) 0 0 1 259252
Disability Pension 0.05 (0.212) 0 0 1 259252
Children’s Pension 0.02 (0.125) 0 0 1 259252
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Table 9. Who Are the Poor?

1) (2) 3) (4)
Sex (female = 1) 1.016 1.030 1.040 1.047
(0.045) (0.046) (0.046) (0.052)
Age in 1991 1.004 1.015 1.018 1.033
(0.017) (0.017) (0.017) (0.020)
Parent Age 0.894*  0.888**  0.939**  0.852**
(0.016) (0.016) (0.017) (0.021)
Parent Agé 1.001**  1.001**  1.001**  1.002**
(0.000) (0.000) (0.000) (0.000)
Born Abroad 1.702**
(or) (0.227)
Immigrant Sharel (= 0) Ref. Ref. Ref.
Immigrant Share2 1.475%*  1.759**  1.566**
(0.113) (0.130) (0.136)
Immigrant Share3 2.709**  2596**  3.297**
(0.168) (0.159) (0.237)
Immigrant Share4 3.240**  3.064**  5.856**
(0.288) (0.262) (0.929)
Household Size 1.504**  1.521** 1.446**
(or) (0.030) (0.031) (0.036)
Children 1.235**
(0.024)
Educationl 2.751**  1.937**  2.089**  1.743*
(0.395) (0.267) (0.285) (0.255)
Education2 1.863*  1.707*  1.806**  1.684**
(0.148) (0.129) (0.135) (0.149)
Education3 1.108 1.115 1.144* 0.992
(0.064) (0.063) (0.065) (0.075)
Education4 Ref. Ref. Ref. Ref.
Education5 0.611**  0.630**  0.613*  0.571*
(0.049) (0.050) (0.048) (0.055)
Education6 0.473**  0.497**  0.478*  0.503**
(0.035) (0.037) (0.035) (0.055)
Education7 0.404**  0.383**  0.370** 0.477*
(0.131) (0.124) (0.119) (0.150)
Married/Partners Ref. Ref. Ref. Ref.
Cohabitating 1.134 1.200**  1.244** 1.063
(0.075) (0.079) (0.084) (0.076)
Single Father 5.575**  6.196**  3.650**  4.007**
(0.514) (0.571) (0.314) (0.532)
Single Mother 3.313*  3.556**  2.280**  2.813*
(0.212) (0.224) (0.127) (0.208)
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Sick 0.889 0.753 0.711* 0.812
(0.151) (0.130) (0.121) (0.199)
Welfare 1.129* 1.017 1.166**  0.726**
(0.057) (0.051) (0.057) (0.043)
Student 1.036 0.989 1.105 0.884
(0.062) (0.060) (0.066) (0.080)
Adult Education 0.645*  0.616**  0.626**  0.577*
(0.039) (0.037) (0.037) (0.045)
In-Home Care of Adult 0.449* 0.482* 0.464* 0.145
(0.157) (0.169) (0.163) (0.146)
In-Home Care of Child 0.578**  0.599**  0.649**  0.503**
(0.065) (0.068) (0.073) (0.078)
Handicap Benefits 0.673 0.703 0.740 0.689
(0.195) (0.208) (0.215) (0.248)
Disability Pension 0.769* 0.672**  0.682**  0.480**
(0.079) (0.071) (0.070) (0.085)
Work Injury Benefits 0.340**  0.349**  0.333**  0.269**
(0.108) (0.112) (0.106) (0.128)
Children’s Pension 0.263**  0.253*  0.282**  0.208**
(0.050) (0.047) (0.052) (0.050)
Unemployed 1.029 0.950 0.957
(or) (0.038) (0.035) (0.035)
Unemployment Insurance 0.439**
(0.024)
Unemployment Benefits 1.054
(0.084)
Labor Market Program 2.297**
(0.114)
Individuals 18518 18518 18518 18509
Observations 255940 255940 255940 145965
Pseudo R 0.078 0.091 0.075 0.101

Logistic regression. Dependent variablPeverty(yes = 1, no = 0). Regression command in STATIAgsstic.
Year dummies included. County dummies included.ffixents are odds ratios. Robust standard eridts{ered
on individuals) in parentheses; * significant at;3%significant at 1%.
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Table 10. How Do the Chronically Poor Differ from the Temporarily Poor?

1) (2) 3) (4)
Sex 1.080 1.088 1.092 1.101
(0.121) (0.122) (0.123) (0.125)
Age in 1991 1.052 1.059 1.061 1.061
(0.044) (0.044) (0.045) (0.045)
Parent Age 1.013 1.001 1.017 1.007
(0.044) (0.044) (0.044) (0.054)
Parent Agé 1.000 1.000 1.000 1.000
(0.000) (0.000) (0.000) (0.001)
Born Abroad 0.734
(or) (0.253)
Immigrant Sharel Ref. Ref. Ref.
Immigrant Share2 1.499* 1.574** 1.497*
(0.240) (0.250) (0.248)
Immigrant Share3 2.070**  2.037*  2.258**
(0.274) (0.268) (0.334)
Immigrant Share4 2.196**  2.169**  2.838**
(0.342) (0.335) (0.913)
Household Size 1.209**  1.219** 1.204**
(or) (0.049) (0.051) (0.056)
Children 1.167**
(0.042)
Educationl 2.910**  2.122*  2.163** = 1.942*
(0.728) (0.513) (0.523) (0.500)
Education2 1.444* 1.306 1.314 1.133
(0.234) (0.206) (0.207) (0.206)
Education3 1.069 1.080 1.082 0.955
(0.119) (0.119) (0.119) (0.148)
Education4 Ref. Ref. Ref. Ref.
Education5 0.442*  0.445**  0.439**  0.414*
(0.094) (0.094) (0.093) (0.096)
Education6 0.588**  0.590**  0.579** 0.675
(0.092) (0.092) (0.090) (0.147)
Education7 0.336 0.295 0.285 0.242
(0.288) (0.249) (0.240) (0.229)
Married/Partners Ref. Ref. Ref. Ref.
Cohabitating 0.887 0.979 1.039 1.044
(0.117)  (0.131)  (0.141)  (0.143)
Single Father 0.957 1.115 0.929 1.177
(0.204) (0.239) (0.190) (0.331)
Single Mother 0.703* 0.804 0.685** 0.785
(0.100) (0.113) (0.089) (0.125)
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Sick 0.194**  0.170*  0.170** 0.296*
(0.072) (0.064) (0.064) (0.155)
Welfare 0.615**  0.530**  0.552**  0.481**
(0.072) (0.061) (0.064) (0.059)
Student 1.007 0.981 1.029 0.773
(0.105) (0.103) (0.109) (0.114)
Adult Education 0.692**  0.654**  0.654**  0.623**
(0.075) (0.070) (0.070) (0.082)
In-Home Care of Adult 0.501 0.574 0.578 dropped
(0.261) (0.299) (0.300)
In-Home Care of Child 0.993 1.032 1.053 0.906
(0.213) (0.224) (0.227) (0.259)
Handicap Benefits 0.728 0.718 0.716 0.722
(0.407) (0.410) (0.411) (0.543)
Disability Pension 0.474*  0.445**  0.449** 0.619
(0.110) (0.106) (0.106) (0.918)
Work Injury Benefits 0.998 1.152 1.127 1.082
(0.615) (0.713) (0.696) (0.813)
Children’s Pension 0.421* 0.413* 0.436* 0.267**
(0.146) (0.143) (0.149) (0.133)
Unemployed 0.561**  0.511*  0.510**
(or) (0.044) (0.040) (0.040)
Unemployment Insurance 0.456**
(0.048)
Unemployment Benefits 0.842
(0.121)
Labor Market Program 0.833*
(0.072)
Individuals 3940 3940 3940 3932
Observations 53375 53375 53375 30213
Pseudo R 0.070 0.079 0.077 0.085

Logistic regression. Dependent variabl€kronic Povertyyes = 1, no = 0). Regression command in STATA =
logistic. Year dummies included. County dummies includeskf@icients are odds ratios. Robust standard errors
(clustered on individuals) in parentheses; * sigaift at 5%; ** significant at 1%.
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Figure 1. The Life-Cycle Profile of Child Poverty.
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Figure 2. Inflows and Outflows, Panel Data (Our Cohort), 1991-2004.
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Figure 3. Inflows and Outflows, Cross-Section vs. Panel Data (Our Cohort), 1991-2004.
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